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Near-infrared spectroscopy as a tool for rapid estimation of the antioxidant capacity
of red wines
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The present investigation evaluates the feasibility of using near-infrared (NIR) spectroscopy as an accurate, fast and
non-destructive analytical tool for estimation of the antioxidant properties of red wines. The evaluation of the
antioxidant properties was conducted using ABTS and DPPH assays for total antioxidant activity determination. NIR
measurements were performed by NIRQuest 512 spectrophotometer in the region 900-1700 nm using transmittance
mode. Partial least-square regression with internal cross-validation was used for calibration models development for
determination of tested parameters and SIMCA for creation of model for classification on the base of the spectral data.
All the investigated wines have demonstrated better antioxidant properties in the ABTS model system compared to the
DPPH one. Although the observed activity highly varied, the wines containing varieties Syrah and Malbec presented
better antioxidant effect in both model systems. The Merlot wines produced from the vineyard situated on the southern
slopes of Sakar Mountain in the time interval of 2012 — 2016 denoted a tendency of decreasing SVso values from year to
year. In both model systems Merlot 2016 demonstrated the best antioxidant effect correlating to the lowest SVs; values.
The determination of the antioxidant activity of the tested wines on the basis of their spectra in the NIR region revealed
a high degree of accuracy of estimation. This indicates that NIR spectroscopy could be a promising technique in
quantitative determination of antioxidant activity and building classification models for discrimination of wines

according to their antioxidant properties.
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INTRODUCTION

During the years the customers’ taste and
preferences have changed in response to health
concerns. The fact that the increased consumption
of products rich of natural polyphenols like grapes,
cherries and berries is associated with diminished
rick of cardiovascular disease has attached
particular attention to red wine products due to the
abundant content of biologically active compounds
in them [1, 2].

The phenolic compounds (anthocyanidins,
flavanols, flavones, flavanones, cynnamic acids and
stilbenes) which have important impact on the
organoleptic characteristics of the wine product are
some of its most important quality parameters.
There are literature data revealing their multiple
biological activities associated with anti-
carcinogenic, antiviral, antibacterial and anti-
inflammatory effects mainly attributed to their
antiradical activity and powerful antioxidant
properties [3, 4].

The customers’ desire for quality products

* To whom all correspondence should be sent:
E-mail: verah@mail.bg

possessing health benefits and the increasing
number of available new wines on the market has
created the necessity of the development of a fast
and easy way to operate, accurate analytical tool for
the quantitative determination of these bioactive
compounds.

During the years several methods have been
used for screening of the chemical composition and
food quality determination and prediction — high-
performance liquid chromatography (HPLC), near-
infrared spectroscopy (NIR), mass spectrometry
(MS), capillary electrophoresis in combination with
different electrochemical (EC) detectors [5]. From
all of them NIR spectroscopy has proven itself as a
perfect technology for routine analysis in the food
industry due to the speed of the performed analysis
and its low cost [6]. It is a non-destructive method,
requiring minimal or no sample preparation which
has shown good prediction abilities in the
determination of the content of flavanols,
anthocyanins and other phenolic compounds [7-9].

The objective of the present investigation was to
prove the applicability of the NIR spectroscopy as
an analytical tool for estimation of the antioxidant
properties of red wines and to verify its
effectiveness in building classification models for
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discrimination of wine
antioxidant properties.

EXPERIMENTAL
Wine samples

according to their

The analysis was carried out using a total of 35
wine samples — 33 of them were Bulgarian red
wines. All samples were from commercially
available wines produced from a wide range of
different varieties. Details for the origin and the
principal grape variety are presented in Table 1.
Ten wines (numbered from 1 to 10) were supplied
from a winery vineyard situated on the southern
slopes of Sakar Mountain — all of them produced
using the same wine making technology. Five of
the samples (from 1 to 5) were selected to present
variation in the age (years ranging from 2012 to
2016) and six of them — grape varieties (from 5 to
10).

Spectrophotometric model systems

To determine the antioxidant properties of the
wine samples we have used test systems containing
stable ABTS radical cations and DPPH radicals.
Despite the fact that both radicals are foreign to the
living organisms the combination of these methods
is the most commonly used approach for in vitro
assessment of the antioxidant activity (AOA) of
complex samples. The methods are fast, reliable
and reproducible. The scavenge of ABTS radical
cation and DPPH radical has a different mechanism
(SET for ABTS** and HAT for DPPH®). The
simultaneous use of both methods provides more
accurate evaluation and interpretation of the
character of the observed antioxidant properties.

Both methods are based on the ability of the
tested compounds to scavenge the pre-formed
ABTS*" or DPPH* radicals, which is resulting in
decolorization (decrease of the absorbance) of the
sample solution proportional to the extent of the
radical reduction. The latter is used as a
determinant of the antioxidant activity. Stronger
antioxidant properties of the tested compounds are
associated with higher extent of suppression of the
absorbance of the solution.

ABTS method — the experimental part was
accomplished according to Re et al. [10]. The assay
utilizes the free mono-cation radical of 2°2-azino-
bis  (3-ethylbenzothiazoline-6-sulphonic  acid),
generated by the oxidation of ABTS with potassium
persulfate. The working solution was obtained by
diluting the preformed ABTS*" in buffer solution -
KoHPO4J/KHPOs, pH 7.4 to produce a final
solution with absorbance of 0.700 = 0.002 at 734
nm. The reduction of the absorbance of 2 ml of the
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ABTS** by different volumes of a 2% solution of
the bottled wine product was measured at 734 nm
after 1 hour incubation. Fresh radical solution was
prepared for each experiment.

DPPH method — the procedure was performed
according to Goupy et al. [11]. A working purple
colored solution of the DPPH radical in ethanol
with absorbance of 0.900 + 0.003 at 517 nm was
prepared. Different volumes of a 2% solution of the
bottled wine product were mixed with 2 ml of it.
After 60 min incubation the absorbance of the
probes was measured at 517 nm.

All analyses were performed in triplicate. The
obtained results were presented as means + S.D.
The AOA of the wine samples was estimated using

the equation:
Acontrol - Asample

ontrol

Considering the observed results for AOA, the
volume of bottled wine product, which reduces the
quantity of free radicals in the final reaction volume
of the system by 50% was calculated — SVs
(scavenge volume 50) The smaller the SVso the
higher is the antioxidant potential of the tested
wine.

AOA% = ¢100%

NIR spectral measurements and data analysis

The near-infrared analysis was performed using
NIRQuest 512 spectrometer (Ocean Optics, Inc) in
the region of 900-1700 nm using transmittance
mode and 10 mm cuvette.

A commercial software program — Pirouette
Version 4.5 (Infometrix, Woodinville, WA) was
used to process the obtained data. PLS regression
was used for quantitative determination of SVsp on
the base of spectral data. The calibration equations
for each parameter were developed and validated
with leave-one-out cross validation. Leave-one-out
method is recommended when a few samples are
used to build the calibration equations. The leave-
one-out cross-validation routine works by omitting
one observation once a time, recalculating the
equation using the remaining data, and then
predicting the omitted observation. This routine is
repeated until each observation in the dataset is
used once as validation data. Finally, any validation
errors generated are combined into a standard error
of cross-validation SECV.

The prediction capacity of each calibration
equation was evaluated using R — multiple
correlation coefficients between reference values
and NIR spectra, SEC - standard error of
calibration, SECV — standard errors of cross
validation and the ratio performance deviation
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(RPD) parameter, which can be defined as the
relationship between the standard deviation of the
chemical method (SD) and the standard error of
cross-validation SECV in the NIR model. The RPD
evaluated the prediction errors in light of the
standard deviation of the reference data and thus
enables  comparison  between  models for
constituents with different variation ranges. The
RPD values showed levels of prediction accuracy
as follows: RPD between 2.0 and 2.5 indicates
good prediction; RPD between 2.5 and 3.0 indicates
very good prediction; and RPD > 3 indicates
excellent prediction.

Soft independent modeling of class analogy
(SIMCA) was performed to classify samples
according to their antioxidant capacity. SIMCA is a
supervised classification method and develops
models for each initially determined group of
samples (class) based on principal components
analysis (PCA). SIMCA first centers and then
compresses raw data by means of PCA, and a
multidimensional space is constructed containing
the scores corresponding to each class. Each class
model treats new samples separately, and an
assessment of cluster membership is made on the
basis of the distance of any given sample to the
center of the cluster.

Samples were divided into two classes with low
and high antioxidant capacity according to SVso
values, estimated by DPPT method. The threshold
value was set to be 3.0 pl.

RESULTS AND DISCUSSION

The radical scavenging activity of the red wine
samples was tested in model systems containing
stable free radicals — ABTS and DPPH. The results
from the performed experiments and additional
information for the wines (brand, varieties and
vintage) are presented in Table 1. The examined
wines showed antioxidant activity in both model
systems.

Comparing the results from both model systems
presented in Table 1 it is evident that all samples
exhibit significant differences in their reduction
activities against the ABTS and DPPH radicals.
The wines demonstrate changeable antioxidant
activity in each model system, which is due to the
different wine varieties, vintages and differences in
the production technologies. All wine samples
denote almost twice higher efficiency against the

ABTS radical (SVso from 0.919 pl to 2.154 pl) in
comparison to the DPPH radical (SVs, from 2.170
ul to 4.850 ul). Although the observed activity
highly varies the wines containing varieties Syrah
and Malbec presented better antioxidant effect in
both model systems.

Due to the fact that the different wine making
techniques are an important factor affecting the
phenolic levels of the obtained final product and
respectively its antioxidant properties we have
included in our investigation eleven red Bulgarian
wines purchased from winery which vineyard is
situated on the southern slopes of Sakar Mountain.
The fact that all wines were produced using the
same wine making technology will give us the
possibility to compare the antioxidant properties of
wines produced from diverse varieties and vintages
from this region.

The comparison of the data from the Merlot
wines produced from the same vineyard in the time
interval of 2012 — 2016 denoted a tendency of
decreasing SVso values from year to year (Table 1
lines 1-5). In both model systems Merlot 2016
demonstrated the best antioxidant effect
corresponding to the lowest SVs value.

The NIR spectra of the tested red wine samples
are presented in Figure la. The NIR spectrum of
wine in the 900-1700 nm region is dominated by a
large absorption band around 1400 nm that
corresponds to OH bonds of water.

Second derivatives of the spectra of measured
wine samples are presented in Figure 1b. The
second derivative technique is often used approach
in processing NIR data. It gives the possibility to
separate the overlapping absorbance bands, to
remove the baseline shifts and to increase the
apparent spectral resolution. The broad absorption
maximum around 1400 nm is composed from two
separate maxima at 1349 and 1395 nm, connected
with C-H and O-H bonds. The other intensive
maxima at 976 and 1196 nm are connected with
second overtone of O-H and C-H bonds,
respectively. The biggest variations in the spectral
data are observed between 1300 and 1400 nm.

Statistical parameters from the calibration
procedure for NIRS evaluation of antioxidant
activity of examined red wine samples are
presented in Table 2.
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Table 1. Details of red wines analyzed for antioxidant properties and SVs, values

- L SVso [ul] SV [ul]
Year Origin Principal grapes ABTS DPPH
1 2012 Harmanly Merlot 1.11 2.71
2 2013 Harmanly Merlot 1.10 2.84
3 2014 Harmanly Merlot 1.07 2.71
4 2015 Harmanly Merlot 1.01 2.51
5 2016 Harmanly Merlot 1.01 2.33
6 2016 Harmanly Cabernet franc 1.01 2.84
7 2016 Harmanly Cabernet 0.92 2.17
sauvignon
8 2016 Harmanly Syrah 1.00 2.30
9 2016 Harmanly Malbec 0.96 2.28
Cabernet
sauvignon,
10 2016 Harmanly Merlot,gSyrah, 1.16 2.54
Pamid
11 2014 Suhindol Cabernet 1.30 3.03
sauvignon
12 o013  _StraZagora Cabernet 1.08 2.45
Thracian Plain sauvignon
Stara Zagora Cab_ernet
13 2013 Thracian Plain sauvignon, 1.05 2.45
Merlot & Syrah,
14 2013 Pleven Merlot 1.37 2.95
15 2013 Thracian Plain Merlot 1.22 2.76
Cabernet
16 2013 Vidin sauvignon & 1.35 3.04
Syrah
17 2013 Yambol Merlot 1.32 3.55
18 2014 Thracian Plain Merlot & Maller 1.19 3.07
19 2013 Asenovgrad Merlot 1.52 3.72
20 2013 Stara Zagora Merlot 1.45 3.59
21 2013 South Africa Merlot 1.54 3.37
22 2014  Chilean Central Merlot 1.18 3.25
Valley
Cabernet
23 2013  Sakar Mountain sauvignon & 1.12 2.83
Syrah
24 2014 Svilengrad Merlot & Malbec 1.11 3.10
25 2015 Thracian Plain Beaujolais 1.30 3.92
26 2013 Thracian Plain Cab_ernet 1.43 3.26
sauvignon
27 2013 Montana Cabernet 2.15 458
sauvignon
Cabernet
28 2013 Montana sauvignon & 1.30 2.97
Merlot
29 2013 Veliki Preslav Merlot 1.33 3.82
30 2013  Thracian Plain Cabernet 1.19 3.42
sauvignon
31 2013 Stara Zagora Cabernet franc 1.26 3.49
32 2013  Thracian Plain Cabernet 1.15 3.01
sauvignon
33 2013 Danube plain Merlot 1.21 3.47
34 2013 Italy Barbera d'Asti 1.78 4.85
Cabernet
35 2013 Sakar Mountain sauvignon, 0.99 2.50
Merlot & Syrah
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Figure 1. Near-IR spectra of wine samples (1a) and their second derivative transformation (1b).

Table 2. Statistical data of the calibration equations for
NIRS determination of AOA of the red wine samples.

Method | SECV Rcv SEC Rcal | RPD
DPPH 0.154 | 0.97 | 0.152 | 0.97 | 4.08
ABTS 0.079 | 0.94 | 0.077 | 0.95 | 3.06

R — multiple correlation coefficients, SEC — standard
error of calibration, SECV - standard errors of cross
validation, RPD - relationship between the standard
deviation of the chemical method (SD) and the standard
error of cross-validation SECV in the NIR model.

The obtained multiple correlation coefficients R
between reference values and NIR spectra were
bigger than 0.94 and the ratio performance
deviation RPD parameter bigger than 3, which
showed excellent prediction abilities. Graphical
illustration of the accuracy of determination of
tested parameters is presented in Figure 2.
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Figure 2. Scatter plots of laboratory measured and
NIRS predicted values of SVso determined using the
ABTS and the DPPH model systems.

The SIMCA models for discrimination of wine
samples with low and high antioxidant capacity
were developed. The SIMCA models were
compared in terms of class distance values and
number of misclassified samples. The best models

were obtained using smoothing and second-
derivative transformation of spectral data, which
correctly classified 100 % of the samples from the
calibration set (Figure 3). The value of the
parameter ,Interclass distance®, which describes
the distance from the centre of the classes, was
4.26. Large class distances imply well-separated
classes. A distance of more than 3 is an indication
of good SIMCA class separation and that the
models are really different. The obtained value of
interclass distance in our investigation indicates
very good possibilities of NIRS for classification of
the tested wines in different classes according to
their antioxidant activity.
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Figure 3. SIMCA classification of wine samples
according to their antioxidant capacity.

CONCLUSION

All the investigated wines demonstrated better
antioxidant properties in the ABTS model system
compared to the DPPH one. The comparison of the
results obtained for the wines purchased from the
vineyards situated on the southern slopes of Sakar
Mountain revealed that for the Merlot wines
produced in the time range of 2012 — 2016 denote a
tendency of decreasing SVso values from year to
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CIIEKTPAJIEH AHAJIN3 B BJIM3KATA UH®PAUEPBEHA OBJIACT KATO CITIOCOB 3A BbP30
OIMTPEAEJIIHE HA AHTUOKCUJAHTHATA AKTUBHOCT HA YEPBEHW BUHA

H. I'. Xpucrosa-ABakymosal, JI. JI. Aranacosal, C. JI. Aranacosa?, T. B. Banrenosa?, B. A.
XamkumuroBal*

'Kameopa no meouyuncka gpusuxa u 6uogusuxa, Meouyuncxu gaxynmem, MY-Cogus, Bvreapus
2Azpapen gpaxyamem, Tpaxuiicku ynusepcumem, Cmapa 3azopa, Bvazapus

[Moctenuna Ha 29 centemBpu, 2017 r.; kopurupana Ha 17 HoemBpH, 2017 T.
(Pe3rome)

LlenTa Ha HACTOSIIIOTO M3CIE/BAHE € JIa CE OLICHH Bh3MOXKHOCTTA 3a IIPHUJIaraHe Ha CIIEKTPaIHUs aHalU3 B Onn3KaTa
nHppauepsena obsact (NIR crnekrpockonusi) karo crnoco0 3a ObpP30, TOYHO W HEJACCTPYKTUBHO ONpENeNsHE Ha
AQHTHUOKCHJIAHTHUTE CBOWCTBA HAa YEPBEHU BHMHA. 32 OICHKA Ha aHTHOKCHJAHTHHTE CBOWCTBA Ca M3IOJ3BAHU MOJIEIHH
CHUCTEMH, ChIbpKamy crabuinu cBoboxnu paaukanu (ABTS u DPPH), mo3BonsiBamm omnpejenisiHe Ha TOTalHATa
AHTHOKCHJIAHTHA aKTHBHOCT. CIIEKTPaTHOTO H3MEPBaHE € IMPOBEICHO IIOCPEACTBOM H3MEPBaHE Ha MPOIYCKINBOCTTA Ha
mpobute BUHO 4pe3 criekTpanaus anapaT NIRQuest 512, paborem B nuanazona 900-1700 nm. 3a KonndecTBEH aHATH3
e u3non3Bana Partial least-square regression (PLS). 3a knacu¢ukanus Ha npobute Ha 6a3ara Ha TEXHHUTE CIIEKTPH €
nznomsan MetoasT SIMCA (Soft Independent Modeling of Class Analogy). Beuuku usciieiBanu BiHA NPOSIBUXA I10-
n00Bp aHTHOKCHAAHTEH MOTEHIMAN B MOJeNHaTa cucrtemMa cpabpkama ABTS paaukan B cpaBHenue ¢ tazu ¢ DPPH.
Bbrpeku ue e 0T4eTeHO 3HAaYUTENHO BapupaHe B M3CIIEABAHUTE CBOMCTBA MEXIy OT/ACIHHTE TECTBAHH IPOAYKTH, U B
JIBETE MOJICIIHM CHUCTEMH BHMHATa ChIbpKamly BuHeH copT Cupa u Manbek mnokasaxa 10-I100bp aHTHOKCHUIAHTEH
edexr. [Ipn npoOute BUHO, MPOU3BEACHH OT €IMH U CHIIH JIO30B MACHUB OT copTa Mepio OT BUHApHATa, Pa3MoIoKeHa
Ha IOKHHTE CKjIoHOBe Ha Cakap mianumHa B mepuoma 2012-2016 r., ce HaOmromaBa TEHICHIHMS 3a HapacTBaHE Ha
cToitHOoCcTTa Ha SV50 ChC CTapeeHeTo Ha BUHOTO. M mpu JBaTa M3CleABaHH pajuKajia CTOWHOCTUTE ca Hal-HHCKHU 3a
BuHOTO OT 2016 1. TouHOCTTa Ha ompesessiHE HA aHTHOKCHIAHTHATa aKTMBHOCT Ha M3CJIEABAaHUTE BHHA Ha 0a3ara Ha
CHEKTpHUTE UM B OsM3Kata nH(ppadepBeHa obnacT € MHOTO J100pa. ToBa nokassa, ye NIR criektpockonusiTa e 1moIxo s
METOJI 32 KOJIMYECTBEH aHAJIN3 Ha aHTHOKCHIAHTHUS NOTEHIMAT U HHPOPMALMATA OT CIIEKTPUTE Ha BUHATA MO3BOJISIBA
CH3/IaBaHETO HA MOJIEJIU 33 KIIacCH(UKaIHMs UM B 3aBUCUMOCT OT aHTHOKCHAAHTHHUS UM KallallUTeT.
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